WS %

AN W 3
Z @ AR

—HETHENTERENERR G 71

T RAE T

[ABIRE] MA KRR RIG, BATBR M FF A RMIRIE T KHHE LB
FI A FCRARARFHRAHITT A — EAF 50k RAFLAR, A A T o
RO ELF R MEF T AN BT R ERIBEVNEFR) B R 5805 s T B R 4y
M RAT A A REM, — LT B FFEA FAATLEE F R AR, Bk AT
TR G BEATIRAE, B — WA AR R RAH T AR EA L EF 12 X4
ARERARAE, BEABRATRERG, KINIZ R LA THE ST 648X 047 -3 M
WRE P RGTANZARFREE, FEE ABALTANFEIWARLABALZ
HUEEF T IR 6 K IRBEIN AR E AT AR A AP R LA RBAETBERY
WL IRIBE AT LB RS mA AT, P EHEAETRS AR LG, LT
B B Z R AR ZAE R 69 %5 38 T AR SR B R B L) 3R B BT B, 4R X 8k ] AR R R AR
M F I 5 F R IR X FHARRAE R e Lk B 2 SRR B AL F T H ke
Zr R b 5 3% — TA DL 25 R4 A7 5 IF R R, BF 50 4 8 x ok 2 B AT TR B AR Tk
i

[R8R] MEFT ;8 RFA AR LR FMLR R 475

[1EBEN] ARE LIXFL RIS F O SGRMIESHIT; EEF AL
BXFEGRXASALEFSPRAI( LA ¥E45.200433)

[FESES] D815 [ XEkFriRfB] A [XEHS] 1006-9550(2023)
12-0114-30

*OARSCFR 2019 AR b T AT A kR 2 Bl A R T AR DROSEC AR W IR S0 B g XURS TN 7 (B H S
2019EGJ002) AR BEvE i . S I A 200 5 BOA) B4 S L 54— I AV E St RS @, SO P h 2B & 73T,

114 -



22 {‘f“/%‘\ﬁ(:ki.‘z 2023 4 12 #A

— 3]

e

2 )3 WG FR IHERE T3 i G AT At 2 AR 2 SR SO 5 2R | BRBELAS-22 T 4%
KAhib 2 FHEORE A BT 51 S R, B 3 8 o A 400 T - I hh 2 2 T
F2(SSP)” 7R T 8 J1 h X NI N AR ™ SE (GDP) BYRZIR A A )37 53 T Y v
R RBRETTHIE KA TFE 20%—30% .V AR 28 BEhh 2B E 5T H (UCDP) 1Y
Gty , 7 T1 0P 5o A E ZK g€ (SB) | FE AR BUR 78 € (NS) RT3 F- R 28 77 3%
Z(0S) . WEETHS T B N Y42 oh S B 1t BT 1R AT nT AEAR K
(128 7 X BTy | 2 g AR b R S A 20 L, FE PR ST U, A A A
“ P 4 2 FF-BIF ST Y AT 55 @

W& 3R & - BRKS (Havard Hegre) S5 IAy , il B IS ACHY 2R, F-F- 4008 1 AT 52
U T BB AN AT AN TEEE R i i S A T VR PRI AN U AR L, Bl
v 2] — BE R N 2% ) vh S B AT BT 58 . R A DR A B I A B 4 AR DA
U] PA— s B B b P00 [ B i AT S R o e (E b S B R R e — AR A
e, AR OCTRINAEAE T vk ] T 52 BRBOK . A7 1 i, wh S ad i v i 4% i R R
MZ5E L BAR T E 2%, P vh 2 nl BEJCIA BE 0 AR T 45 4 Ak iy PR sk i 7
(NSRS, wh e T R A SO Wty A S0 1 Dhy SCHE R A A28 J7 L Bl A A 4
T i, A AT 5 B S A T R 5 e S MR AR O A 45 A R R AT XU DAty @
Bem 2, wh R IUINAN TG LR G A5 AR M KU DA 3 T 2555 1B b 4% 07 L3
ML,

TE RPN BT, £ B0 b S BAE T T & 1 — ke T HLAR % > B i e i 2%
RN HUE R G (VIEWS) 2 ) FUE 2R 50 BA B A T AU 22 0T F 0 45

(D Kristina Petrova, et al., “The °Conflict Trap’ Reduces Economic Growth in the Shared Socioeconomic
Pathways,” Environmental Research Letters, 2023, DOI;10.1088/1748-9326/acb163. 3 Z4L &2 ¥F 42 & 0 T 1F
FEANTIIN BRSO RTHE S B T BRI SZ 0 BT 9 — 4G 5 B A R S @3 R B SR BUR 4 &
TE— 2 DA R R K T ] HE 00 A SR A, F A PR BE R J BR AR | TP B B4R AL BR AR AR R AR iR AL
FARE,

@ David J. Singer, et al., “The Peace Researcher and Foreign Policy Prediction,” in Jody B. Lear, Diane
Macaulay and Meredith Reid Sarkees, eds., Advancing Peace Research, London: Routledge Press, 2012.
® Havard Hegre, et al., “Introduction; Forecasting in Peace Research,” Journal of Peace Research,

Vol.54, No.2, 2017, pp.113-124.
@ Lars—Erik Cederman and Nils B. Weidmann, “Predicting Armed Conflict: Time to Adjust Our Expecta-
tions?” Science, Vol.355, No.6324, 2017, pp.474-476.

- 115 -



MLEE 5 3] ek BRI 5 & 64 By TR

LN TR s, 4 5 S BRI & A Bl A TUI 25 58, SR, WP R GE kAT 40 M RS 56
J A B, HEAE SO AE U b DX v 507 T A RIOCR IR BRAR . FAC b o R T gt
U ST I P SC R A (wp o T 7 5 b2 R ) IR SR AL 2 ST T2 408 1) SC R R U]
PR HRAS BEXT A & AR 1 w98 R4 7 oA T L SIZ R Pt (4G v SR A AN A pi i | S i
IFE T HISER S AR AR GE Gt ML d = > FIR B 2 ) S8k vh 2200 1 P 2845 5 L sh i it
B, AR SCRIFFE R I A B0 35 T 1530 B o 2 500 P, ELAAROT 5, 7 2 1) )2 T 1) 5080 4
Ay 1 GBI (C) Rk [ BT S0 5 r ( PRIO ) S0 1 b B A5 B R 48 (GIS) 1Y
WA 5 (PG ) B B T7] J2 T8 A 25080 D B (M) GO a2 I 2 ol 0
(g Tr L, i )22 T ) R 0 300 S B2 A B2 (Y SRR e AT e 1 . DU 1 13
e Z LN IGE R T AR E F—H B (CM) 2450 A 300 2 B0 4T 2 ] o A — A
FE(PGM) 5| R ZR I, A SC R A CM 0 B i Bl 265 51 . i T2 B
S TRLINN 25 SR 7 FH 5] 02 T 19 AR SR ) I el DX v 5 B2 ) BB XU PRt A S
IESEEE L

= TRNBFI . A TR

(—) PRARWE R

FFEPE - 8 - BE/RHFF(Tracy Van Holt) 45 Hh 20 22 60 4EACAY th 2 BF 97 2
S S R G R R SR o g, B ORI 0K 6 252 ™ e 25 ) P avh 2 G At [ P B3 5
JIAF ) AT, A vl R B Y K TR g IF S 1) B At DA ) i R PR A 5 M
Je& PR SE  IFEE KR N B | RO | R | R ARk B A S R 3% TR A Y A
3 D B HEE AR AR AR X b S AT A B SR A G B AR

BOE O VE P L5 0 ok R SR A 7 v e R 7 S R (ML Bt i R
MG AR M 5T CVHE D Ak 4 22 nT 5 A5 A 27 BEIS R T JIORG 41 9 4k
e . R IR 0 & R BRHE S T X B v oS e Y PEAG B IE , ik — 2D Hhse T A
SHRIFFE )N @ X B 42 48 5 50 BT I B v 58 4% D (AT o 0 58 s 5 5 4
PRI PSS 1% 7 15 REHE P 2 1 2 1)t R A 31— AR/ N 0K B XA B TRl 9E 4 o
TNV JZ R A 5 I XAH SCBE AT PG . A OG IR 36 (COW ) B398 I3 Hh 3

(D Tracy Van Holt, et al., “The Role of Datasets on Scientific Influence Within Conflict Research,” PLOS
ONE, 2016, DOI:10.1371/journal.pone.0154148.

@ Kristian Skrede Gleditsch, et al., “Data and Progress in Peace and Conflict Research,” Journal of Peace
Research, Vol.51, No.2, 2014, pp.301-314.

- 116 -



22 ﬁﬁ\ﬁeks& 2023 4 12 #A

4k - FH5 (David J. Singer) 55T 1963 AFHENT , %30 H i T X5 8% 4 sk & 1 R0 3R 1) o
WS, Rl LA T R A O A5 27 S 5 AN B0 50 1) JORE E R AT IR AL
AL, B, 78 20 4D 80 AARHIH , 2 FA a1 vh 5 5 F1-F- %045 5 (COPDAB) L)
KA AL Y FE 52 1) v 9€ (MID) B4 5 @ 1993 48 1545 - FLAE i (Peter Wallens-
teen) SFEEN. T S B RLph SS BRI H 105 TV SOR IR & 10 2 90 R v g 1 K
P, ® 1995 4F L - BIKEIRIT (Keith Jaggers) % K A0 T 161 A FE K (1 #1 FE H5
FREHE——B A 3 (Polity TI1) £d @ X EAF 58 Bs FIAH A 5T TAE R Js ok () ih 28 43
Pr5BUATFZE 355 T Ak . © H 2012 45 LK, B RE AP0 98 BT Al 4 T DAL 18
TG RS 1R AT G (B 27 1 2 1255 () DA i R 3 B 1) e 5 B 2 4 e 5 T
DIPKS BESR T BN E YRR vh 5 1, © SOk UG, Bl & Q20 R B SR I AR 1Y R
AP S B AR A AN S, AR M & T 2 5 = A AN I8V E R, iE
A5 T ha4 T W SAILRTRE 7 45 J7 T S50, 3 e Bt Bif 5 38 B i o AR R 41t T
A CTE SN

LB Sy ity w58 U ) A DG AF 9 HE B T R R MR TR Bt i 3l T RS
IR, JEFE - % 4 (Philip A. Schrodt ) FIJ FH 22 9 4% ( ANN ) Ji& JT w5 350 F
5, AT\ Ay Bt 2 AR S ASORN 27 > S R WO A, 190 4 R HRU A p 5 03000 ] R 1 17 3R 30

@O David J. Singer and Melvin Small, “The Wages of War, 1816-1965.: A Statistical Handbook,” Journal
of Peace Research, Vol.11, No.l, 1974, pp.76-78.

@ Edward E. Azar, “The Conflict and Peace Data Bank (COPDAB) Project,” The Journal of Conflict Res-
olution, Vol.24, No.l, 1980, pp.143-152; Charles S. Gochman and Zeev Maoz, “Militarized Interstate Disputes,
1816-1976; Procedures, Patterns and Insights,” Journal of Conflict Resolution, Vol.28, No.4, 1984, pp.585-
615; Daniel M. Jones, Stuart A. Bremer and J. David Singer, “Militarized Interstate Disputes, 1816—1992. Rati-
onale, Coding Rules and Empirical Patterns,” Conflicc Management and Peace Science, Vol.15, 1996, pp.163—
213.

@ Peter Wallensteen and Karin Axell, “Conflict Resolution and the End of the Cold War, 1989-93,” Jour-
nal of Peace Research, Vol.31, No.3, 1994, pp.333-349.

@ Keith Jaggers and Ted Robert Gurr, “Tracking Democracy’s Third Wave with the Polity Il Data,” Jour-
nal of Peace Research, Vol.32, No.4, 1995, pp.469-482.

® 20t 80 4R, X e S B AR B Z IS T 3R R i 1R iR o e B ) e & Tt b, PR 18 U7
12 B A T T AR T BE R WP AT A T R, A SCRRIE TG A A AL AR 2 o 1 ph ST , A XS RIS
HERIPEATiHE . 2 0L Bruce Bueno de Mesquita, “An Expected Utility Theory of International Conflict,” American
Political Science Review, Vol.74, No.4, 1980, pp.917-931; Bruce Bueno de Mesquita, “Forecasting Policy Deci-
sions; An Expected Utility Approach to Post—Khomeini Iran,” Political Science & Politics, Vol.17, No.2, 1984,
pp-226-236,

©® Andreas Forg Tollefsen, et al., “PRIO-Grid: A Unified Spatial Data Structure,” Journal of Peace Re-
search, Vol.49, No.2, 2012, pp.363-374.

- 117 -



£

WLE 5 5] Je b = T o & oY ey

O T LM R TN O TR B2 > B RE 6% i B St 1] DA ASE B TIE VR 912 1) 52 A L
il 1717 DR 2% A5 TR R I I A5 dk [ A7 A A AH ELVE FHAILAD . Be Ak, i A B 5E 0Ar T op 8 45
FEFR AR AN - PR (Barry G. Silverman ) 5] AR B AR (ABM) Jf:
ZEEAT RIIRIR T ARG T 0P 945 Jr 4 NN IR BUR S 8NS5 AL Q B 34
KB TE HAR EA e P B, anife HL o - A 2245 (Patrick T. Brandt) 55 F1 Fi 5 /- B}
FELAARTY ( Markov switching model ) 55 DI 37 5] & H [F] 9 A% 54 ( Bayesian vector au-
toregression model ) & T ] P4 1 ] P b 28 @

(=) RS T . N 5% 20 Az AR

KAV, GBI 5E 58 5 T 6 b 5 48 10 S L R A, B Bk - DL IR (D
Scott Bennett ) SFHEZE 37T 52 57 5 AR B 25 20 4 5 e S BRORIE ZR K, 3@ ik [ 3 73 By
B IR E AT Z A AE A R RAL @ DL YRR A 5 16 T0000 J T 94 3R 0 A, g
PEARSTRYGE i A I 45 RS H P (A MIAS ), D B M e 22 O i Il i O B
P A]  — SR 3X ST 4 ) PR S “ I i | ARG SR B TR 5T TP AT
TERGR AR ALE] B EATE I PRt 2 5 BURE R s, — el THa &k
Ji& | PR R AR AR IEACSE R ZE T IHEAE BT A i BETE T R B AN H i
BRI TI T B AN T LA RERTE 2 7 vh 9 A ) BRRAILRD T A i s S Bl . A
PN WA BT S A B AT R 82 T LAE i B g — 22, R
JEIFHAL OB BIE . © B ph 2 BB BR T AR A2 i T v 2 4 2 1) JEL IR A1, 3 7 HLA Tl
MAIBE ST o

A — S22 Ny R ZHLde 7 ) Tk Z BT D B RV AN R i [, 2[5y
EATBRZ A Sein— N JCE PR < RAET . B - 3E LAY (Maya Krishnan ) 55

@ Philip A. Schrodt, “Artificial Intelligence and the Study of International Politics,” American Sociologist,
Vol.19, No.l1, 1988, pp.71-85; Philip A. Schrodt, “Prediction of Interstate Conflict Outcomes Using a Neural
Network,” Social Science Computer Review, Vol.9, No.3, 1991, pp.359-380.

@ Barry G. Silverman, et al., “Modeling Factions for ‘Effects Based Operations’ ; Part Il ~Behavioral Game
Theory,” Computational & Mathematical Organization Theory, Vol.14, No.2, 2007, pp.120-155.

@ Patrick T. Brandt, et al., “Real Time, Time Series Forecasting of Inter-and Intra—State Political Con-
flict,” Conflict Management and Peace Science, Vol.28, No.l, 2011, pp.41-64.

@ D. Scott Bennett and Allan C. Stam, The Behavioral Origins of War, Ann Arbor: University of Michigan
Press, 2004.

® Michael D. Ward, et al., “The Perils of Policy by P-Value: Predicting Civil Conflicts,” Journal of
Peace Research, Vol.47, No.4, 2010, pp.363-375.

©® Ad Feelders, “Data Mining in Economic Science,” https://citeseerx. ist. psu. edu/document? repid =

repl &type = pdf&doi = {d08484d50{4bfald8078bf5fdee57e3e948471 , T [FIMF ] : 2023 4F 10 A 13 H,

- 118 -



22 ﬁﬁ\ﬁeks& 2023 4 12 #A

WO, AT ARREE” A I IR S 0 5 B, T35 88 vy 0 R0 2 D e s i M DU A 2 G @
SR, 1] fift B B AIL A = ) B3 A o XURS: PR SR L+ b Y, R R ) N R AT
PR — A B T B D S e R R R, @ R a P T RS A AT 22 YA B o LG
RER U —EUE S wh R BN (U T2 3 o 2 A A PRR O 2% T ELRE W DRSR%
il ORISR A S, PSR R AR T A [ B URUC W 2 1F R A R i S FE LAY
JRERE AT D , T EA A FE 0 ELAB W A SN AR L[] I , AR 1 AR —
AFRE M, RETE 70 SR 25 FL AR 7 i SR A AT B as AR O . B2, 2R ZORE T 45
SRS 12 S TN AL AL I K 14 P9 25 2 ] oo JEL vl g e A5 Tt 4 @

TERLFJZ T, ST B Al e T 1k A v S e A HL o il B DR 3 o BOR
AP E . X T oS Rt , — [ AT LARIIE A4 58 B2 A BRAY , DRI A 1T B 2225 1 B
(R IBIE | S RO = LR R RIS, e SIS 2 5 i SRR 1 2 M A S i
S AL TR SR R S SC BOR A A5 R AN s S 1] o SR, B AT A e 58 00 F 52 35 3t 77
TEBE TR BIR A IRV R, B 0 AE TR 78 6 8 AN T84 1, JHLEKT et P ) 20 o S R 2 22
W/ NI T O S — A B r) RU 2E 2 T R 2R AR B RSN
TEVESE, BEAT IR ST R A e SR FH s D0 = s w114 B A 0 25 0y ik ke 22 R R )
HRBERCR A R

I LUK I BN BOR R E VIS , 32 BRI B R TR B A JERE
H f 5835 , 5 AR S B R 7 23 [A]— I a]_E A4 70 A3 O BORS 4R 1L . SR HT A
ST T DA AT B2 1) B ) 5UAE B2 B A OIS b XA A D SR T R S B 40
AU B AT E PR A ST h SN AR ST AL A L 7 20 AT 80 ARAT, 3 [ Hh e 4 R
(CIA) 7 1B BRI M BE ( Policon ) ZRGEF: LA TR S ] 91 T N AR5 © 3

(D Maya Krishnan, “Against Interpretability: A Critical Examination of the Interpretability Problem in Ma-
chine Learning,” Philosophy and Technology, Vol.33, 2020, pp.487-502; Brent Daniel Mittelstadt, et al., “The
Ethics of Algorithms: Mapping the Debate,” Big Data and Society, 2016, DOI. 10.1177/20539517166796.

@ Tim Miller, “Explanation in Artificial Intelligence: Insights from the Social Sciences,” Artificial Intelli-
gence, Vol.267, 2019, pp.1-38.

® Been Kim, et al., “Examples Are Not Enough, Learn to Criticize! Criticism for Interpretability,”
https : //dl.acm.org/ doi/10.5555/3157096.3157352 , i [a] it a] . 2023 4E 10 A 13 H,

@ Galit Shmueli, “To Explain or to Predict?” Statistical Science, Vol.25, No.3, 2010, pp.289-310.

(® Thomas Chadefaux, “Conflict Forecasting and Its Limits,” Daia Science, Vol.l, No.1-2, 2017, pp.7-17.

©® Sean P. O’Brien, “Crisis Early Warning and Decision Support; Contemporary Approaches and Thoughts on
Future Research,” International Studies Review, Vol.12, No.1, 2010, pp.87-104.Z5 &R WEHLHM R 5 HET N
EEEKERE DT ARIIAE, RTFEABEREMNZG, S Stanley Feder, “Faction and Policon: New
Ways to Analyze Politics,” in H. Bradford Westerfied, ed., Inside CIA’s Private World; Declassified Articles from
the Agency’s Internal Journal, New Haven: Yale University Press, 1995, pp.1955-1992,

- 119 -



MLEE 5 3] ek BRI 5 & 64 By TR

A 21 A eI v el iR S B Sy 1 R T R A R R AU B0 3035 (PITF ) K
FUFSINITE | 5753 AP AR T 4 B 1Bl A B A | i A R o R S5 BOIR AR E
F. D Behh, = E R R 5T R )R) (DARPA ) 38 9% B £ 57 T 256 W01 e AL B0 =
GL(ICEWS) , B eS8 A S W SPAL AT B A7 ol BE52 e 5 [ [ 58 % e i e ML 4
IR E P, BARZES R ML B 2R 58 B4 5 g B 00 A4 B AN S 1k Y 58
5 ALZ R GRS E R BRI R TR ATE 2 R, 27 FARAEXT X 35
FIREAT R ER VAL sl T et . A T 28 46 AT LA Dy R 35 25 BB ] 5 A0S v ) o0 5
BB AT AT A T T, IR A AT E— SR B b R BN R G, EH AN,
R BRI TN 2% 8 7 A DU R — i FL A VA R R v RIS 4 SR A
HER SRS HENE_EaR B — K TR R RRAbE | BV G Y 8 28 S8 4l 918 o 2R 13
KRR A AR U ARG R  — R A R, B SC T &5 2R A fiE
FHZE AR, TN R e 25— m] F A 28 | BB A K Iof X i 5 S A o oy e s R 8 25
R DU B R ol T e ST B AR 55 T DR AR, PN A SR R LA i R AR Y
Zo T RETE , i ROz IR 3 1 B AR 22 R SRS, SRR A RE DA TR SR B AT T b R AR S
BN

= RATREZAGRM KA F xR R

70TV R G R HRME— e 1 s Sk AR A 45 2R A T BRI
B G ALRIT S R G, R —A-E W] A HL A2 2 AR DG E A ph I H |, %R
GiF 2019 A4, 2l AN R AL A0 © & J Bl — A B 52 4 R A 22 174 v 2 T 0] 33
H., TR RS AT EARA P H IS T 5 (GitHub) EAFF I HAR
B RG E 44 VIEWS 1.0 VIiEWS 2.0 F1 VIEWS 3.0 =M A<, {H VIEWS
3.0 FBA AT B A AR BBk sl , SRR T X e R BT AR B, 5 R
T S 4 K ik — WU Sy OGS TR U A S i I R S MUAS (VIEWS 1.0 il
ViEWS 2.0) IR0 R G4t B Bk fEAl ik

D Jack A. Goldstone, et al., “A Global Model for Forecasting Political Instability,” American Journal of
Political Science, Vol.54, No.1, 2010, pp.190-208.

@ LR RN R G0 BUE S A — 4y ARSI AT, AR MR, 25 A B AL B0
FRGEIT A Bl P SL AR AR T3 e 5 1y RURS A, T B O I 8 P 9 B A (I R 2z 1 ) A TELAE A 7™ A= 1 T g

45

- 120 -



22 ﬁﬁ\ﬁeks& 2023 4 12 #A

(—) BgLEH

VIEWS 1.0 J&5 J) T 2 Gebit 55 A1 BAAE 2018 4758 LW R 40, o 40 35 9 285000
F= R0 5,V R ) TV ZR G 9 P AR S X S A TR HE R 64T T AR, o Xt
A BRI T T 4L K VIEWS 1.0 75 KR B2 /98 1E 5 e B 5 T 2020 4F
28 T VIEWS 2.0,@

FARE ST RGN VIEWS 1.0 & 5] VIEWS 2.0, {H 5 J) il R 40 i KAk
HERIE A R AE KRR, ERGEAE AL, — R I VA W 5 —
SN B A R 7 () P ks — ) R ] R — R S e 5 A SRR T e A O
B R O E 4 5 — R AR S ) SR S o 45 5% — 25 Wl ( one-step-ahead forecast ) 1§,
B AS B 5 % TO0I L5 R 5 D0 s 4 A5 1% FR000 45 SR R AT Ao, R A TR
THIR - 4 45 SRR TR0 A A i 5 8 JRURG: A 5 2 2 A 45 2R ORI D1 Ak 45 SR R AT I 2
ik

1B ; RN . SIHlL %A

R N i BRI - SRIAS

‘ 2HCHAL TR Y 3 ;

I i UL o

- CM [* CY [ C |i} N
-[ i 1 o "
: B . B

H PGM |« poY [ PG |id etk P

S -

. . & R e

' 3. 75 ;
i BEHLARAR <:| Hidk
R T -[ 1

4[ 24l il .
U ahdmus P

1 ViEWS 1.0 iNEREFNENEESE

ORI 2EH A,
FE AL IR 2 rp IS VAT Aol I 55 2 1 P s 8 0) ke e e ol G ] R — A 2 45 23 1] )
A —AF B G KA, P A B R — ) 5 s ] s — H BE R R

(D Havard Hegre, et al., “ViEWS. A Political Violence Early Warning System,” Journal of Peace Research,
Vol.56, No.2, 2019, pp.155-174.

@ Havard Hegre, et al., “ViEWS2020: Revising and Evaluating the VIEWS Political Violence Early—Warn-
ing System,” Journal of Peace Research, Vol.58, No.3, 2021, pp.599-611.

- 121 -



MLEE 5 3] ek BRI 5 & 64 By TR

(=) 8l

T TV 22 G0 0 32 B A KRR 45 FORSE 0 58 500008 122, T8 56 T30 50 AR A 26
] % 1 UK ) ¢ L TR ) ( 2 1) IO ) )t X o 00 LA R EL A A ) R 5 ) B3
208 N FREER IR . T R S T A A R o o b R
HAEIH (ACLED) Fildt 23 wh o8 e ot H 45 2 ) wh o B e . I Ab , 2 1 B R G0k
AT HEFARATIY 2B L RAE B TIMG ) T2 BRI 2 REPEREE S (V-Dem ) 2541 56
B 50TV R GRS 1A BATE e I AS ) 58 0 B HEA T AR A S R TR LT
AT (4785 ek A, AN v 32 A g Rl vh g R BRI 2R A 2R T R GE AT A
Wit s ) DU — R I R — B A G 3 b T 19 A R A S o0 S 9
XN [RIZERY ) o PRt T 50k 5 3FAG T 5.

£ VIEWS 1.0 11, B 5 —F BE O B0 AL & 6 A>T A 2 AR A (A5 25 1] )
W—H BN ) BnAE . T2 8] kg — H BEGCR BUN A 5 AL 2 MR A K
PR 3 NEFE—H ER SRS, 76 VIEWS 2.0 7 B 5—H B9 E0E & 24
AR 23 (] A% — A FE SO0 & 30 MR AR R 7 T 2R G0 TN A s ()
OURLEE S TF 3 T H BE A A 25 ) YA 2 R T 380 235 i) A% 950, HL ey 8% =2 a3y
TR BRI, B A ) — 2 o R A B T AR AR A A A R O X — R LA VIEWS
1O RIAFI A A, 2 BT B AE B0 . — & LAAEBE (Y) SR I ) e 3 BRL7 (14358 43
B AL TR B v | H w5 XU 35 50 43 B8 61 9 1) 491 A% BT | R 30T 4 b X
8 e RS ™ B e Al LA A B N R 5P IR DL N2 GDP 845 A 1], G R LAAF Ay i
AU, 353 I 5K — ) B 0 S0 5 B 2 1 235 ) T 65— ) B 00 ) 5 i 48 2 6 ol R —4F
(CY ) BB Ak A R 5 — A 3 ) B30 0 2 [ o0 ke — ) 3 00 K | B — 4 vh A —
AR — B OB AR A5 T2 AP0 e [ 58— BE (L, 245 [R) ks — ) 8 2 o 5 )
AP AR H I EE S T R R, XS 80 E R —H YU
P2, HEAE 12 S H A9 H BE A GDP 845 [m)—MEL, I7EZS (8] A% — B4k 2
TET, 5 B8 9 A A s 7 12 A H N H B2 GDP 84 il — A . M
AL(PG ) GBS J2 T 1 45 F RO 50 Hf (o ARARTRI R < 4 ™ it 2™ 45 ) 3 LAAE B Oy B
{7, T T RETE B N AR AN ST R AR b, B AR 45 g 1 745 o A 4 J0 o 5 A3
R RS ELAG B e W AT A B (EL U SR 3 78 Sk ok 22 52 T 45 53 W) o000 245 S 1) o
FE VIEWS 1.0 H 9 A A28 Gt 3 0 2 ol 3ok 2020 s A o, 6 T BBO0) [ K nh 9 4 R 1Y
T A E— AT B LA AR IR K

ik bR PR B Y & AR AR T TV ZR G0 I 5E A BACR BT Y A TE i
- 122 -



22 ﬁﬁ\ﬁeks& 2023 4 12 #A

Fo— W I A RS AR AT IR T 1 T LA B B B s 8, AE VIEWS 2.0
W, B R —H RO L& T 16 AR RASE 24 4Y) |, 25 [0 Mg — H B 95
RS T 12 D FEOEAN 30 ) o T7EFE K —H BEFONEE AR o), 5 ) 10 &
G 5T A AT R T — LB B[] 2248 & A= A48 1 10 45 4 M 2 R ACHR 4 IR = 20
PRI SRR A0 B K 52 F7145 %0 (the physical violence index ), = BF5T A1 A 94 A
TSR IR F R TR AR A B R e v o it B T b g SR AT 0N DA
PR E LA L (ICG) K AT B FE AL B R 2 S 4 . o=, 7> R 0 i 43
TR 2 XU AR T 450, % T TV R e fin T b g g ol 0, AR [ R R i 2 A
P [B) R 50 45 5 TR F0 T S AT R R A i i SR AL . U 3 TR G R
2% B Rt 52 BT 2R RL T 4 25 AT Rl A, AR 22 0 T R 3R 0 R S o s 4
R,

FE 25 (8] RS — 1 B OB o, W 5 [T B RRE T A SR | e O B S o0 4 v
B G O B SO e Horp AR TR R A BE GO S AR
T AR AR LK ZE B S (SPED) A GE T, EAb, i T b 58 kX — F e 4E
THef F IR BESR AR, An SR w5 S 15 4R R A A TR AR o, IR A Rl mT fig <5t 3
JEEAPAR PR, B T R G WAL S T AR A B A A GniE i T R AE (under-
sampling ) {77 AR AL BB A5 08T, 7E VIEWS 2.0 5, i i 58 AT BA IR 38 T ajige
F) 5 AR BAE B0 T AN A1 ph g T ) O Bt AR AE G T AR TR X A o8
MEEIN TR BURFRE . M2, VIEWS 2.0 (I AE 1% VIEWS 1.0 & 1 KIigE 1
$ETt

(Z)&i&

FERARB TN A () b B TE R G453 AR T 5k | 4352 30
BB (dynasim ) IR 4058 — 20 T AR AR AR A DL S B 2 B0k

W51 X VY7 RTS

Bl S AL ADUASE B AR — o i T G VA A ) DL T Ty i, LA S ) o 58
1B R ST AR AR S HAG I, SR 5 38 ALY 5 =X T R o A T 4% L R A
[ 2R A ph 2 MR SR A 55 8 FHIZ 7 IR 000 T 2010—2050 4F 1 e BR 4 vp 58 | 6
TN TR S I R0 [ e O sh AR H S Ik i AR B L s A 2 W

(D Havard Hegre, et al., “Predicting Armed Conflict 2010-2050,” International Studies Quarterly, Vol.55,
No.2, 2013, pp.250-270; Havard Hegre, et al., “Forecasting Civil Conflict Along the Shared Socioeconomic Path-
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